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​​ What is the primary advantage of using vector databases for similarity search compared 
to traditional databases? Vector databases excel at finding data points with similar 
meaning or context by using distance metrics on high-dimensional vector 
representations, whereas traditional databases rely on exact keyword matches defined 
by structured queries. This allows for more nuanced and semantically relevant search 
results. 

​​ Explain the concept of vector embeddings and their role in AI. Vector embeddings are 
numerical representations of data points (like text, images, or audio) in a 
high-dimensional space, where each dimension captures a specific feature. In AI, these 
embeddings allow models to understand the semantic relationships and similarities 
between different data points, enabling tasks like similarity search and 
recommendations. 

​​ Describe Retrieval-Augmented Generation (RAG) and why vector databases are crucial 
for this technique. RAG is a technique that enhances the accuracy and relevance of 
large language model (LLM) responses by retrieving external, context-specific 
information and incorporating it into the generation process. Vector databases are crucial 
for RAG because they efficiently store and retrieve semantically similar documents or 
data chunks based on the user's query, providing the LLM with the necessary context. 

​​ What are some key differentiating factors between traditional relational databases and 
vector databases in terms of data model and querying methods? Traditional databases 
use structured, relational tables with rows and columns, and querying is typically done 
using SQL based on explicitly defined relationships. Vector databases, on the other 



hand, store unstructured, high-dimensional vectors, and querying involves similarity 
search based on distance metrics to find implicit relationships. 

​​ Name three popular open-source vector databases and briefly describe a key feature of 
each. Qdrant: Supports various distance metrics beyond cosine similarity and allows 
filtering vectors based on associated metadata. Weaviate: Stores both objects and 
vectors, enabling a combination of vector search with structured filtering through 
GraphQL, REST, and various language clients. Milvus: Primarily built for scalable 
similarity search and is designed for elasticity in cloud environments, supporting various 
indexing methods. 

​​ Explain the problem of "hallucination" in large language models and how RAG with a 
vector database helps mitigate it. Hallucination in LLMs refers to the generation of 
factually incorrect or nonsensical information that is not grounded in their training data. 
RAG mitigates this by providing the LLM with retrieved, contextually relevant information 
from a vector database, forcing the model to base its responses on this external 
knowledge rather than generating purely from its internal parameters. 

​​ What is "tool use" or "function calling" in the context of large language models, as 
discussed in the provided materials? Tool use, also sometimes called function calling, 
refers to the capability of LLMs to interact with external tools or functions (like databases, 
search engines, or UML diagram generators) to gather information or perform specific 
actions. This allows LLMs to extend their capabilities beyond their training data and 
perform more complex tasks. 

​​ According to the sources, why are major cloud providers like Google, AWS, and 
Microsoft investing heavily in vector database services? The heavy investment by major 
cloud providers indicates the significant financial and technological importance of vector 
databases in the rapidly growing field of generative AI. These providers recognize the 
critical role of vector databases in enabling efficient management and retrieval of 
high-dimensional data, which is essential for various AI applications. 

​​ What are some of the key performance and scalability considerations when choosing a 
vector database for generative AI applications? Key considerations include the ability to 
efficiently handle high-dimensional data and large volumes of vectors, maintain fast 
query speeds (low latency) even with increasing data, and scale horizontally to 
accommodate growing data and user demands without performance degradation. 

​​ What are the roles of embedding models and distance metrics in the functionality of a 
vector database? Embedding models convert raw data into high-dimensional vector 
representations that capture the semantic meaning and features of the data. Distance 
metrics (e.g., cosine similarity, Euclidean distance) are used by the vector database to 
calculate the similarity or dissimilarity between these vectors, enabling efficient retrieval 
of nearest neighbors or semantically related data points. 

Answer Key 
​​ Vector databases excel at finding data points with similar meaning or context by using 

distance metrics on high-dimensional vector representations, whereas traditional 
databases rely on exact keyword matches defined by structured queries. This allows for 
more nuanced and semantically relevant search results. 



​​ Vector embeddings are numerical representations of data points (like text, images, or 
audio) in a high-dimensional space, where each dimension captures a specific feature. 
In AI, these embeddings allow models to understand the semantic relationships and 
similarities between different data points, enabling tasks like similarity search and 
recommendations. 

​​ RAG is a technique that enhances the accuracy and relevance of large language model 
(LLM) responses by retrieving external, context-specific information and incorporating it 
into the generation process. Vector databases are crucial for RAG because they 
efficiently store and retrieve semantically similar documents or data chunks based on the 
user's query, providing the LLM with the necessary context. 

​​ Traditional databases use structured, relational tables with rows and columns, and 
querying is typically done using SQL based on explicitly defined relationships. Vector 
databases, on the other hand, store unstructured, high-dimensional vectors, and 
querying involves similarity search based on distance metrics to find implicit 
relationships. 

​​ Qdrant: Supports various distance metrics beyond cosine similarity and allows filtering 
vectors based on associated metadata. Weaviate: Stores both objects and vectors, 
enabling a combination of vector search with structured filtering through GraphQL, 
REST, and various language clients. Milvus: Primarily built for scalable similarity search 
and is designed for elasticity in cloud environments, supporting various indexing 
methods. 

​​ Hallucination in LLMs refers to the generation of factually incorrect or nonsensical 
information that is not grounded in their training data. RAG mitigates this by providing the 
LLM with retrieved, contextually relevant information from a vector database, forcing the 
model to base its responses on this external knowledge rather than generating purely 
from its internal parameters. 

​​ Tool use, also sometimes called function calling, refers to the capability of LLMs to 
interact with external tools or functions (like databases, search engines, or UML diagram 
generators) to gather information or perform specific actions. This allows LLMs to extend 
their capabilities beyond their training data and perform more complex tasks. 

​​ The heavy investment by major cloud providers indicates the significant financial and 
technological importance of vector databases in the rapidly growing field of generative 
AI. These providers recognize the critical role of vector databases in enabling efficient 
management and retrieval of high-dimensional data, which is essential for various AI 
applications. 

​​ Key considerations include the ability to efficiently handle high-dimensional data and 
large volumes of vectors, maintain fast query speeds (low latency) even with increasing 
data, and scale horizontally to accommodate growing data and user demands without 
performance degradation. 

​​ Embedding models convert raw data into high-dimensional vector representations that 
capture the semantic meaning and features of the data. Distance metrics (e.g., cosine 
similarity, Euclidean distance) are used by the vector database to calculate the similarity 
or dissimilarity between these vectors, enabling efficient retrieval of nearest neighbors or 
semantically related data points. 



Essay Format Questions 
​​ Discuss the evolution and significance of vector databases in the context of the 

increasing prominence of generative AI. How do they address the limitations of 
traditional databases for AI-driven applications, and what impact are they having on the 
development of intelligent systems? 

​​ Compare and contrast the different types of vector database solutions available 
(specialized, cloud-based, integrated, libraries/frameworks), highlighting their unique 
features, advantages, and potential use cases in generative AI and other AI applications. 

​​ Critically evaluate the role of Retrieval-Augmented Generation (RAG) in enhancing the 
capabilities and trustworthiness of large language models. Analyze how vector 
databases are integral to the RAG pipeline and discuss the potential limitations and 
future directions of this approach. 

​​ Examine the performance, scalability, and cost considerations associated with 
implementing vector databases for generative AI applications. What are the key factors 
organizations should consider when selecting a vector database solution, and how can 
they optimize their infrastructure and operational expenses? 

​​ Explore the broader implications of vector database technology beyond generative AI, 
such as in semantic search, recommendation systems, and anomaly detection. How 
does the ability to perform efficient similarity searches on high-dimensional data unlock 
new possibilities and improve existing applications across various domains? 

Glossary of Key Terms 
​​ Vector Database: A specialized type of database designed to store, index, and query 

high-dimensional vector embeddings. 
​​ Vector Embedding: A numerical representation of data (text, image, audio, etc.) in a 

high-dimensional space, capturing its semantic meaning and features. 
​​ Similarity Search: The process of finding data points in a vector database that are most 

similar to a query vector based on a defined distance metric. 
​​ High-Dimensional Data: Data with a large number of features or attributes, represented 

as vectors with many dimensions. 
​​ Semantic Search: A search technique that aims to understand the meaning and context 

of a user's query to return more relevant results, often powered by vector embeddings. 
​​ Retrieval-Augmented Generation (RAG): An AI framework where a large language 

model retrieves relevant information from an external knowledge source (like a vector 
database) and uses it to generate more accurate and context-aware responses. 

​​ Large Language Model (LLM): A deep learning model with a large number of 
parameters, trained on vast amounts of text data, capable of generating human-like text. 

​​ Hallucination (in LLMs): The phenomenon where an LLM generates incorrect, 
nonsensical, or fabricated information that is not grounded in its training data or provided 
context. 

​​ Distance Metric: A function used to quantify the similarity or dissimilarity between two 
vectors in a vector space (e.g., cosine similarity, Euclidean distance). 



​​ Tool Use (Function Calling): The ability of an LLM to interact with external tools or 
functions to gather information or perform specific actions. 

​​ Metadata: Additional structured information associated with a vector in a vector 
database, which can be used for filtering or enriching search results. 

​​ Scalability: The ability of a system to handle increasing amounts of data or user traffic 
without a significant decrease in performance. 

​​ Cloud-Native Database: A database service designed to take advantage of cloud 
computing architectures, offering scalability, resilience, and often managed services. 

​​ Word Embedding (e.g., Word2Vec, GloVe, BERT): Specific types of vector 
embeddings designed to represent words and their semantic relationships within a 
language. 
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